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Intergenerational Transfers and Wealth Inequality

Several factors have been blamed for the increase in wealth inequality
experienced in the last decades:

* Financial knowledge disparities (Lusardi et al, 2017)
 Decline in progressive taxation (Zucman, 2019)
* The role of inheritances?

* Some argue that inheritances are the main vehicle through which
inequalities are transmitted and increased across generations (Piketty

and Zucman, 2015).
e Others say that, as inheritances are more equally distributed than

wealth, their intergenerational transmission actually decreases overall
inequality (Karagiannaki (2017); Elinder et al, 2018).




Intergenerational Transfers and Wealth Inequality

They ignore the relation of receiving an inheritance with the position in the wealth
distribution (non-recipients are ignored in those analysis, for example)

e Using a non-parametric opportunity approach, we measure the contribution of
inheritances to wealth inequality in four developed countries (FR, ES, UK, US).

e Using some Machine Learning methods that deal with some traditional limitations
we measure the share of overall inequality that can be explained by inheritances

(ES, US, IT, CA).




Data — The use of surveys

* Household finance surveys (HFCS, WAS, SCF) and Luxembourg Wealth
Study (LWS)

e Shortcomings:

* Capturing the top part of the wealth distribution
e Underreporting of wealth and/or inheritances

* Comparability issues (questionnaires, net/gross reporting, missing data)

* Advantages

* Wide range of additional financial, demographic and social information

» Descriptive measures and inequality indices (relatively) consistent with tax data
sources on wealth (for the most part of the distribution)

* Recently including information on inheritances



Data - Variables

e Wealth variable:

e Equivalised positive household net worth
* Age of household head between 35 and 80

* Inheritance:
» Total (equivalised) amount of significant inheritances or gifts ever received.
Values of past inheritances updated only for inflation
* Social background

* Highest parental level of occupation (France and Spain) or education (UK and
Us).




Data — Basic descriptive statistics
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Data — Age and gender wealth adjustment

* Wealth is related to the life Age-Wealth profiles Spair
cycle.

* Wealth-age patterns seem
to be different for male and ]
female head households. g
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* We adjust by age and
gender and obtained a
measure of adjusted wealth
for each household.
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Data — Age and gender wealth adjustment

To remove the effect of age and gender of wealth, we estimate wealth on
gender, age and their interaction

In(W)) = a+ 8F; + Yeq Bn (A; — 65)™+ Yoy ¥ Fi(A; — 65)™ + ¢,

..and take out the part of the estimated wealth conditioned to age and
gender

4 4
In(Wi,,,) = In(W;) = 8Fi = > o (4 = 65)" = ) 7 FilA; = 65)",
n=1 n=1

Or just : ln(Wiadj) =a+ g,
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Measuring the contribution of inheritances

* Building upon the 10p framework

* Population partitioned (in types) by circumstance (inheritance)
categories (none, low, mid-low, mid-high... )

* Wealth rank within a type is not dependent of that circumstance

* If inheritances were irrelevant to wealth inequality, the wealth-rank
distribution of different types would be equal...

Is that the case?
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Measuring the contribution of inheritances

Wealth collapsed by rank deciles
France

* When we assign the same
wealth level across types at
each rank, we eliminate
inequality caused by
differences in the (inheritance)
circumstance
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Measuring the contribution of inheritances

Wealth collapsed by rank deciles and non—parametric smoothed wealth
France

* When we assign the same peles s
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Measuring the contribution of inheritances

* Inequality of the smoothed distribution (Z) it’s the inequality between

the different overlapping tranches smoothed, and is not associated with
the circumstance of choice

To(Z) = T§E(W)

* Using the MLD or Theil-O index (T,), additively decomposable, we can
obtain the contribution of inheritances to total inequality To(W) as the
inequality within tranches:

TV W) = TV (W) = To(W) — To(2Z)



Results — Inheritance contribution
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_I\/Ieasuring the contribution of socioeconomic
background

* The results for inheritance contribution include all variables correlated
with inheritances.

* Could socioeconomic background have the same impact as inheritances?
Is there any interactive effect between both variables?



Wealth and parental occupation
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Adjusted equivalent wealth
Obs. < 5 million USD
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Original Adjusted Wealth Distribution I,

Socioeconomic Background Smoothed 556
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Adjusted Equivalent Wealth
Obs.< 5 million euros

Wealth, socioeconomic background and inheritance
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Results — Social background and inheritances
contribution

MLD Inequality Index
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Results — Interaction and net contribution

Share of inequality
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Conclusion

* Building upon the 10p approach, we find the contribution to wealth
inequality of inheritances ranges between 22% and 42% of wealth
inequality in the four developed countries analysed.

» After controlling for all the interaction with social background (parental
education and occupation), the share is still sizable (between 17% and
30%)

* Combined, the contribution to wealth inequality ranges from 26% to 48%.

* When all interaction is attributed to inheritances, the contribution of
parental background to wealth inequality is small ( 4% - 11%)
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Results from Machine Learning

Once we used the ML algorithms (random forests) to create types and attribute each household with its
expected wealth, we compute the between-type inequality and obtain the share of overall inequality (measured
with Gini) that can be explained with inheritances:

Canada
Total Financial Real Estate
47.8%  61.3% 51.0%
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Total Financial Real Estate
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66.3% 67.6% 72.3%
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60.6% 70.9% 71.3%
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